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Data can be projected
On axis of highest variation: u,
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Data can be projected
On axis of highest variation: u;
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Error can be computed from
distances in direction of u,
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How do we find 1, and ©,?

U, S, Vt = np.linalg.svd(data_centered)
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What'’s the Major Axis (Direction) of Variation?
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Maximize Variance of Projections
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To Maximize Variance of Projections
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